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A KNN Dynamic Extended Query Strategy Based on GPU

TANG Jia, GONG Yili,LI Wenhai
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[ Abstract] Traditional Graphics Processing Unit ( GPU ) executing PGrid index K-Nearest Neighbor ( KNN) query
method has problems such as large query granularity, redundant calculation, and unstable performance. Therefore, facing
spatial KNN relation queries, a KNN query strategy based on fine-grained partition search is proposed. Based on the
Euclidean distance trigonometric inequality feature, the dynamic query range expansion based on Cell is constructed to
realize the fine-grained partition and expansion of the query range with respect to each boundary distance of the Cell,and
the optimum grid scales of object numbers for a given K value scale are theoretically analyzesd. Experimental results show
that compared with the traditional KNN query method, the query strategy has obvious performance advantages under
different K values and grid division scales.
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K-Nearest Neighbor( KNN) query;grid index
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