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[ Abstract] The main factors that influence the recommendation results in location recommendation system include
location, personal interest, social relationship and time cycle. In order to effectively integrate 4 factors to personalized
location recommendation , the corresponding selection probability model is constructed for each factor. The influence of
4 factors on user selection is analyzed. Finally, the heuristic recommendation algorithm is proposed by combining
4 factors. Experimental results show that, compared with the traditional location-based recommendation algorithm, the
proposed algorithm has better performance and the recommended results are more acceptable to users.
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