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[ Abstract] Based on the characteristics of Uyghur language ,a method of identifying Uyghur language event coreference
relationship based on Stacked Denoising Autoencoder( SDAE) is proposed. This paper divides the Uyghur events to the
candidate event pairs, extracted the nine features, basic characteristics of the event, the trigger word and the event
distance. At the same time, the word embedding is used to calculate the semantic similarity of Uyghur events trigger
words, taking semantic similarity as one of the features. And then training SDAE model, using softmax to complete the
identification task of Uyghur language event coreference relationship. Experimental results show that SDAE is more
suitable for the identification task than Support Vector Machine( SVM) , the shallow machine learning model, and the use
of word embedding further enhances the identification performance.
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