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Static Human Behavior Classification Based on LLC and GIST Features
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[ Abstract] Aiming at the problem of static image human behavior recognition,a method of merging Local-constrained
Linear Coding(LLC) and global feature descriptors is proposed. This method makes intensive sampling of the image, and
extracts the Scale-Invariant Feature Transform ( SIFT) features in each subregion. Then the LLC method is used to encode
and pool the dense SIFT features. In order to add spatial information, spatial pyramid information is used to extract LLC
pooling features with spatial location information. Generalized Search Trees( GIST) features are extracted, and the final
features of the image are described using LLC pooling features tandem GIST features. The kernel function is the
histogram cross kernel function Support Vector Machine ( SVM) and it is used for classification. Experimental results
show that compared with the methods using LLC, Spatial Pyramid Matching ( SPM ) features and GIST features, the
proposed method has better recognition effect.

[ Key words] behavior recognition ; global feature descriptor ; Locality-constrained Linear Coding ( LLC) ; Spatial Pyramid
Matching ( SPM) ;max pooling
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