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[ Abstract] The existing network representation learning algorithms mainly focus on how to represent the network
structure information, and ignore the abundant textual attribute information of nodes in real network. In order to
incorporate network structure information and nodes’ textual attribute information, this paper presents a novel network
representation learning algorithm incorporating with nodes’ textual attribute information. As to achieve mutual restraint of
the two part of network information during the training process, this algorithm constructs a coupled neural network
training model based on parameter sharing stratagem. It applies optimization strategy based on negative sample and
stochastic gradient descent to achieve rapid convergence of the training process,and performs an experimental evaluation
of node classification. Experimental results demonstrate that compared with Doc2Vec algorithm, DeepWalk algorithm,
DW + D2V algorithm and TADW algorithm , the classification performance of the proposed algorithm is better.
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