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Paper Influence Prédiction Algorithm Based on Network-Representation Learning

FAN Wei,HAN Jianing,ZHANG Yuxiang
( College, of Computer Science and Technology,Civil Aviation University/of/China, Tianjin 300300, China)

[ Abstract] The graph-based random walk algorithm for paper, influgnce prediction exploits only global structural
information of academic network, and local structural information /s usumally ignored, which influence the prediction
accuracy. To addressi the problem, this paper proposes a paper ififluence prediction algorithm based on heterogeneous
academic network representation learning and multivariate random walk. By constructing a heterogeneous academic
network representation model, different kinds of nodes of/paper, authors, and journals/conferences in the network are
represented into the same low-dimensional vector space,andythe Jocal structural information of network is kept. Similarity
between vectors is applied to multivariate random walk to implement the accurate paper influence prediction. Experimental
results on public datasets of AMiner Website .§how\ that the proposed method is more accurate in prediction than
PageRank , FutureRank and other algorithms.
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random walk ;local structural information
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