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[ Abstract] Aiming at the low efficiency of data processing in|\video| action recognition, this paper proposes an action
recognition model based on the difference sequences betweenvideo frames. First, this paper uses inter frame difference to
detect the motion region in the video frame,and this region ‘is taken as the center where corresponding image clipping and
enhancement are carried out. Then,the dual-stream .atchitecture is applied to the recognition model and the time span of
the samples is extended by the appropriate framefdifference when data samples are made. Finally,the number of training
samples is gradually increased,so as to improve the performance of model recognition and tackle the over fitting problem
in the training process. Experimental results\show that the proposed model can complete fast action recognition in CPU
level computers,and its recognition accuragy \in UCF11 and UCF25 datasets is higher than 85% .
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