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[ Abstract] This paper constructs/a'CGAtten-GRU model based on dual-encodérinetwork structure to solve the problem
that the encoder cannot fully encode the source text in the sequence-to-sequence ( seq2seq) model. The two encoders use
Convolutional Neural Network( CNN) and Bidirectional Gated Recurrent/ Unit( BiIGRU) respectively,and the source text
enters the two encoders in parallel. An attention mechanism is constructed by means of the outputs of two encoding
networks. The decoder uses GRU network combining the Copy mechanism and the beam search method to improve the
accuracy of decoding. Experimental results on large-scale Chinese short text summarization dataset LCSTS show that
compared with the RNN context model,the proposed model improves Rouge-1 by 0.1,Rouge-2 by 0.059,and Rouge-L
by 0. 046.
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