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[ Abstract] To selve the problem of weak ability of Unmanned Aérial Vehicle (JUAV) cluster network to resist intelligent
interference in complex communication environment, this paper proposes=a” multiple domain cognitive anti-jamming
algorithm based on the intelligent decision-making theory. Based on theydominant actor-critic algorithm, the algorithm
regards UAV as an agent and the jamming channel is determined'by the perceived environmental spectrum state. Based on
the Stackelberg game theory, the interference signals of the bmiddle-level interference channels are suppressed from the
power domain to reduce the time cost of channel switching.,Cluster head assistance is introduced to solve the problem of
low success rate of channel decision-making due to{ weak local spectrum sensing ability of a single agent. Simulation
results show that compared with the QL-AJ algorithm‘\and AC-AJ algorithm,the proposed algorithm can give the optimal
number of nodes in the cluster,improves the Signal to“Interference-plus Noise Ratio( SINR) of the received signals, and
provides better overall anti-jamming performance for networks.
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Fig.1 Schematic diagram of UAV cluster network

resist intelligent jammer
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Fig.2 Schematic diagram of UAV cluster network

anti-jamming based on cluster head assistance
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