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Study of Chinese Knowledge' Base Question Answering System Based on
Multi-Label Strategy

ZHUZongkui,ZHANG Pengju,JIA Yonghui, CHEN Wenliang,ZHANG Min
(School'of Computer Science and Technology, Soochow University’, Suzhous Jiangsu 215006, China)

[ Abstract] Most of /the existing Chinese Knowledge Base Question Answering (CKBQA) system focus on simple
questions that need a‘'single triplet query, but cannot solve complex questions involving multiple entities and relations.
To address the problem, this paper proposes a CKBQA system for answer search based on multi-label strategy. The
system mainly consists of two parts: question processing and/answer search.In the question processing part, a new model
framework is constructed based on the pre-trained languageimodel to perform entity mention recognition, entity linking
and relation extraction for the questions. By setting three,classification labels, the questions are divided into simple
questions, chain questions and multi-entity questions.In the answer search part, different processing methods are given
for the above three kinds of classification questions. The experimental results show that the average F1 value of the
proposed system reaches 66.76% on the yalidation set of evaluation data, CCKS2019-CKBQA.
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Fig.1 Procedure of Chinese knowledge base

question answering system
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Fig.2 Structure of BERT model
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Table 2 Examples of subject-predicate-object classification
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Table 3 Examples of chain classification
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Fig.5 Search examples for multi entity problems
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Table 4 Performance comparison of
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Table 5 Performance eomparison of
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Table 7 Comparison of system performance under

different sub models %
TR T
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B 40 ¥ &S ] 89.13
ERGES e 93.56
w3 94.23
oK F Ay S 94.80
S A 4 AR 98.68

different module settings %
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Table 6 Examples of multi-hop classification errot
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