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[ Abstract] Fonthe detection of bank accounts involved in fraud, this papepproposesa framework , iForest-SMOTE , which
is applicable to the imbalanced financial datasets.Based on the dynamic transactipn features of the accounts, the transaction
behavior features are,extracted from the dimensions of statistical information;Sequential order information and supervision
information.Then a datasets equalization strategy for data pre-processing is proposed to address the problem of cross-region
sample synthesis, which is faced by the oversampling technology ;JADASYN, on the financial account datasets.The strategy
uses the iForest algorithm for mixed sampling of the data tg remoye the majority of noisy data and reduce the difficulty of
the classifier learning from the minor classes.On this basis, a‘tandom forest classifier is designed to implement the detection
of the accounts involved in financial fraud.The experimental results on the datasets of actual financial account transactions
show that iForest-SMOTE has a clear advantage in'the recall rate and accuracy over ADASYN, SMOTE and other sampling
techniques.Its F-value is at least 2.13 percentage points higher than that of the other algorithms.
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Table 6 Performance comparison results of

different methods %

Ok Accuracy  Precision Recall F-value
LASITE NP 93.35 81.14 68.73 74.42
RamdonOyerSampler 88.90 58.98 90.30 71.35
ADASYN 89.32 60.46 87.53 71.52
SMOTE 91.88 69.06 85.11 76.25
iForest-SMOTE 93.42 78.93 77.83 78.38
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Fig.2 ROC curves of different classification methods
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Table 7 AUC values of different methods %

WZRES AUCTH
RamdonOverSampler 96.66
ADASYN 96.21
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Fig.3 Importance degree of classification features
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