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[Abstract] The existing methods for evaluating the effectiveness of equipment support systems rely on expert
experience, and are thus influenced by subjective factors.To address the/problem, a new evaluation method is proposed
based on optimized Radial Basis Function (RBF) neural network. The method employs a complete crossover and pre-
mutation strategy to improve the Genetic Algorithm(GA ), which.s then used to optimize globally the center, width and
output weights of RBF neural network.Finally, the optimized RBF neural network is used to evaluate the effectiveness of
equipment support systems. Simulation results show that the proposed method improves the accuracy of effectiveness
evaluation for equipment support systems than AGA-RBF and GA-RBF methods. Also, it reduces the influence of
subjective factors on evaluation to a certain extent, and ensures the objectivity of evaluation results.
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Fig.1 Optimization process of RBF neural network

based on improved GA
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Fig.2 Effectiveness evaluation process of equipment

support system based on optimized RBF neural network
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Fig.3 [Effectiveness evaluation indexes of equipment support system
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Table 1 Comparison results of MSPE value and RMSE value
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