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[ Abstract] Entity alignment is to find the entities that refer to the same real identity in different knowledge graphs.The
alignment entities' in most of the existing graph embedding-based entity alignment methods share similar attributes,
which means utilizing attribute information can improve entity alignment performance. At the same time, due to the
knowledge distribution differences between different knowledge graphs, alignment prediction that considers only a
single direction will lead to deviation in alignment results.In response to the above problems, this paper proposes an
improved cross-language entity alignment method. The method uses a Bidirectional alignment Graph Convolutional
Network model with Attribution information (BiGCN-A) , and combines the attribute information corresponding to the
coded entity with the initial entity embedding through a feed-forward neural network to obtain an entity representation of
joint attribute information. A bidirectional alignment.mechanism is also used to realize cross-language entity alignment
prediction. Experimental results on three cross-language datasets show that the proposed method enhances the entity
representation ability by fusing more knowledge graph information.It also uses a bidirectional alignment mechanism to
alleviate the problem of data distribution differences. Compared with the entity alignment method based on graph
embedding, the proposed method.displays better overall performance.
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Table 2 Comparison of entity alignment results with
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Table 3 Comparison of entity alignment results based on

attribute information and bidirectional alignment %

DBP ZH-EN DBP JA-EN DBP FR-EN
fe LISITES LISITES Hod 4
Hits@1 Hits@10 Hits@! Hits@10 Hits@! Hits@10
GCN-A  72.70  86.91 76.76 89.75 88.11 95.37

BiGCN  75.23 88.23 79.30 91.28 91.10 97.09
BiGCN-A 76.10 88.97 78.61 91.72 90.25 96.47




Fagt 3

B B X0 g B TR A 5 R R B R B SR F 79

3.2.3  XFFFANF L R EURE b
SHRFEXS TR H3R X SRS SRR A5, 4353
F2 18 10% .20%.30%.40% . 50% [ 5% 5 b1~ L 2 ) 4311 24
IS ANEXS TR R ) JAPE .GCN-Align Jy ik ik
X, S5 mE 3R . hIE 3T LAE H, BiGCN-A 4
RIPEAR XS T LA N R4t T JAPE
5 GCN-Align J5 2 , 7EAUA 10% I3 Rl L RAE R
xS Hits@ 115 RE1A %) 67.99%(DBP ZH-EN 5l 4 )
74.73%(DBP JA-EN %(4}i £ ) .87.56%(DBP FR-EN %4
) AT A AN R T TR AT 50% RS SR LR N
YIAER 455 . 1T UL BIGCN-A BRI T % 5671 L
RN AR A URE, AT BRI
80

70 L

60‘_ -6~ JAPE}
B GCN-AlignJjj
50 H-A-BiGCN-ARIH | g

40 b
30 b

20E L 1 1 ]
10 20 30 40 50
SR HLER/ %
(a)DBP ZH-EN${#i45

Hits@1/%

80

70 H e~ JAPEJi 1k
60 H -B- GON-AlignJ7 5:
50 | A BIGON- ARz
40

30

20

Hits@1/%

1 1 1 I

10 20 30 40 50
FFFFFT LR %
(b)DBP JA-EN¥%{#i4k

100

80

-©-JAPEJj ¥
—B- GCN-Align 5 3

60
—A- BiGCN-AiI

Hits@1/%

40

20

10 20 30 40 50
W FRT R %
(c)DBP FR-EN¥{i45

3 NEIR FFFF bb 22 X SEAR T 5F R R B &2 M

Fig.3 Effect of different alignment seed ratios on entity
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