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[ Abstract] The problem of the scarcity of Vietnamese event annotated corpus, comprising several unregistered words, reduces
the accuracy of entity recognition.This study proposes an entity recognition model that combines a dictionary and adversarial
transfer.It uses Vietnamese as the target language, and English and-Chinese as the source languages.Furthermore, the entity
tagging information of the source language and bilingual dictionary are used to improve the entity recognition of the target
language.The semantic space is shared between the source and target languages by word-level adversarial transfer.Moreover,
multi-granular features are embedded into bilingual dictionary to enrich the semantic representation of target language words,
and sentence-level adversarial transfer is used to extract language-independent sequence features.Finally, the entity recognition
result is marked by a Conditional Random Field(CRF ), inference module.The experimental results on the Vietnamese news
dataset demonstrate that the proposed model has improved entity recognition compared to the mainstream monolingual entity
recognition model and transfer learning model when the source languages are English and Chinese.After adding the target
semantic annotation data,the F1-score of'the monolingual entity recognition transfer learning model when the source languages
are English and Chinese increased by 19.61% and 18.73% ,respectively.
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Fig.1 Structure of Vietnamese event entity recognition model combining dictionary and adversarial transfer
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Table 3 Entity recognition performance without target language annotation data
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Table 4 Entity recognition performance with target language annotation data
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