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[ Abstract] The front pose estimation and back-end optimization of indoor mobile robot Simultaneous Localization and
Mapping (SLAM) are susceptible to motion blur. To solve this problem,an indoor location and map building algorithm
based on Inliers tracking statistics is proposed. After extracting and matching the features of RGB images and using the
RANSAC algorithm to get Inliers, the fuzzy images which are affected by the motion of the camera are eliminated by
tracking and statistics of the number of Inliers, and then the position of the camera is solved by the nonlinear optimization
method of the Iterative Closest Point (ICP). On this basis, the trajectory and 3D dense point cloud images are obtained
through closed loop detection and optimized global pose. Experimental results show that,compared with RGB-D SLAM
algorithm , the proposed algorithm can effectively improve the robustness and accuracy of SLAM system map building.
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