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[ Abstract] In order to effectively solve the classification performance of massive and complex intrusion detection data,
an intrusion detection method of hybrid deep learning model is proposed, which is based on Deep Belief Network ( DBN)
and Extreme Learning Machine ( ELM ). DBN-ELM uses DBN to extract features from the massive, complex and
unlabeled data to get highly abstract features at first,and then takes ELM as the classifier to finish the last classification.
It totally improves the recognition rate of intrusion detection and the efficiency of the algorithm operation because it
combines the ability of DBN to automatically extract features and fast learning and good generalization of ELM.
Compared with DBN, ELM and DBN-ELM, experiments on KDD99 and NSL-KDD dataset show that DBN-ELM has
better accuracy and efficiency of algorithm.
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