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2. Software College,East China University of Technology,Nanchang 330013, China)

[ Abstract] The existing open-loop mode selection algorithm relies on the accuracy of signal classification, but in most
cases the accuracy is low, resulting in poor coding quality in open-loop mode. Therefore an improved neural network
based open-loop mode selection algorithm is proposed. The decision tree algorithm of the original open-loop mode
selection is replaced by the neural network,and the closed-loop mode selection is selected for training to obtain the mode
selection classifier. According to the logic process of the closed-loop mode selection,the neural network is used to predict
the input signal,and the two codes are ACELP256 and TVC256. The signal to noise ratio of the mode replaces the signal-
to-noise ratio that the coding attempt is calculated. Experimental results show that the accuracy of the two methods is
5.96% and 18.07% ,respectively,and the accuracy of music classification is 3. 84% and 20.29% ,the performance of
subjective and objective tone has high improvement.
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