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Point of Interest Recommendation Algorithm Fusing with
Spatiotemporal and Popularity Features

WU Yan,ZHANG Yun,CHEN Shuangshuang

(School of Computer Science,Nanjing University of Posts and Telecommunications, Nanjing 210003, China)

[ Abstract] Point of Interest ( POI) recommendation helps users to find the desired location, but the recommendation
accuracy of existing recommendation algorithms is low. To solve this problem,a POI recommendation algorithm fusing
with spatiotemporal and popularity features is proposed. The time characteristics are integrated into the user based
collaborative filtering algorithm, and the estimation of the POI popularity based on time factors is integrated into the
spatial characteristics, the corresponding estimation methods are given respectively for the two methods, and a joint
framework based POI recommendation algorithm is obtained. Experimental results show that,compared with U, UTF and
U + SB algorithm, the proposed recommendation algorithm can effectively improve the recommendation accuracy and
recall rate.
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