$£44%E F10H it ' M I # 2018 4F 10 J
Vol.44  No. 10 Computer Engineering October 2018
- AIEHRRIRANER - X E %S : 1000-3428(2018)10-0168-07 XHRARAEAD: A hE K S TP

HEFEIEBPSO MWEBERAERNIERLERGEE R X

I F L AR AR
(1B E TR Bas )T 22 B, P54 7100515 2.93527 FBA, 3 db 5K K 0 075000)

OB BExh 2O B A2 I R SRR b A S AN B 1) AL, B — i T B GE kR T BRI L (BPSO) B3 1%
(1% 308 A A AR ARG STk o AR Al A ASULEL 99 A W 5 B 2 55 SO A A R A, S i A A B SR A A
28, H AR ZAE SR 2 T2 IE BPSO (K Hs b B SR MR J7 3 o Xt UHUL-Apriori 83 73l 25 15 2 55 AU
FE AR SCT7 S A8 50 e A5 b SRR S B (L T 9 o 32 I00 4 M0k Lz A7 I I8 A0 A7 oy L 0, 45 2R 3R %07 6 T
DU PR SR RO 9 L SME, HLRE RS Y & s A7 I (6] A1 N A7 =3 (8] o

KB Ao E SR s SR R 5 SN B ok T UL AL Bk 5 2 RO B A2 i

RS ARRE A, XA, B A kT8 IE BPSO iyl AR A S8 A5 B A S5k (7). 1S HL AR, 2018,
44(10) :168-174.
FE 5| A& : WANG Ju,LIU Fuxian,JIN Chunjie. Estimation method for upper bound of general pattern index based

on modified BPSO[ J]. Computer Engineering ,2018,44(10) :168-174.

Estimation Method for Upper Bound of General Pattern Index
Based on Modified BPSO

WANG Ju',LIU Fuxian',JIN Chunjie’
(1. Air and Missile Defense College, Air Force Engineering University,Xi’ an 710051, China;
2.93527 Troop,Zhangjiakou ,Hebei 075000 , China)

[ Abstract] A general pattern index upper bound estimation method based on modified Binary Particle Swarm
Optimization (BPSO) algorithm is proposed to estimate the boundary value estimation problem in constrained frequent
pattern mining. According to the characteristics of the uncertain transaction database with weights,a general pattern index
upper bound estimation framework is established,and the method of solving the upper bound value of the pattern index
based on the modified BPSO is proposed. The number of candidate itemses, runtime and memory usage of the UHUI-
Apriori with Transaction Weighted Utilization( TWU) , the proposed method estimates upper bound and the actual upper
bound are compared,and the results show that the proposed method can quickly calculate the upper bound value of the
mode utility and save the running time and memory space.
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