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Interactive Genetic Algorithm Based on Hybrid Fitness of Evolutionary Individual

GUO Guangsong' ,LI Xiang' ,HAO Guosheng’
(1. School of Mechatronics Engineering,Zhengzhou University of Aeronautics,Zhengzhou 450046 ,China;
2. College of Computer Science and Technology,Jiangsu Normal University , Xuzhou,Jiangsu 221116, China)

[ Abstract] To improve the optimize efficiency of interactive genetic algorithm , this paper proposes an interactive genetic
algorithm based on hybrid fitness of evolutionary individuals. The calculation method of fitness uncertainty is designed
while analyzing the characteristics of fitness noise,uncertainty analysis is performed on individual adaptive values of the
user evaluation,and two kinds of adaptive value types including the single value type and the interval value type are
divided on the basis of the uncertainty degree of the adaptive value. It builds a corresponding mathematical model by
aiming at the adaptive value types, the individual adaptive values are corrected, and participate in the subsequent
evolution. The two kinds of corrected adaptive values simultaneously participate in the evolution optimization,the design
conforming to the psychological need of the user is expected to be generated, and the goal of efficient optimization is
achieved. The proposed algorithm is applied to a portable wine pot design system. Experimental results confirm that,
compared with IGA-IIF algorithm and T-IGA algorithm, it has advantages in improving optimization efficiency and
alleviating user fatigue while improving its efficiency in exploration and practical application.
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