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Improved Native Bayes Algorithm Based on Particle Swarm Optimization

QIU Ningjia,LI Na,HU Xiaojuan, WANG Peng,SUN Shuangzi
(College of Computer Science and Technology,Changchun University of Science and Technology,Changchun 130022, China)

[ Abstract] Aiming at the problem of classification performance degradation caused by the idealized assumption of
conditional independence of Naive Bayes(NB) algorithm,an improved Particle Swarm Optimization-Native Bayes( PSO-
NB) algorithm is proposed. In text preprocessing , weight factor, intra-class and inter-class discrete factors are introduced
for attribute reduction. Based on NB weighted model, the word-frequency ratio of conditional attribute is used as its initial
weight,and PSO algorithm is used to iteratively find global optimal feature weight vector. The vector is used as a weight
value to generate a classifier for each feature word in the weighting model. The performance analysis of PSO-NB
algorithm is done using classical dataset. Result shows that the improved algorithm can effectively reduce redundant
attributes ,reduce computational complexity,and has high accuracy and recall rate.
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