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Feature Analysis in Correlation Filtering Tracker Algorithm
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[ Abstract] Feature extraction is one of the most important steps in correlation filtering based on tracker algorithm , but
existing feature extraction methods do not take into account the effects of feature optimization and feature fusion. As the
tracking performance under linear kernel can directly reflect the characteristics of feature description, two criteria which
are OTB and VOT are used to evaluate the description capability and complementarity of grayscale, shape, texture and
color features in multiple tracking scenarios. The applicability and complementarity of each feature in various tracking
scenarios are analyzed, which provides theoretical and experimental basis for single feature selection or multi-feature
fusion in tracking algorithm. Expenmental results conducted show that shape, texture and color features can complement
each other in complex scenes.
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