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[ Abstract] Human action diversity , scene noise , the camera motion angle changes and other factors increase the difficulty
of human action recognition. This paper proposes a human action recognition algorithm based on 3D convolution neural
network. Firstly ,successive 16 frames of the video are divided into a group as the input. Secondly, the input data is multi-
channel processed using the gray, gradient-x, gradient-y, optflow-x and optflow-y, which effectively trains the network
parameters. Thirdly,the extracted features are obtained using 5-layer 3D convolution and 5-layer 3D pooling to increase
time dimension information, Finally, the recognition results are obtained by two full connection layers and the softmax
classifier. Experiment is made on the UCF101 database, and the results show that compared with iDT, P-CNN, LRCN
algorithms, the proposed algorithm has a higher accuracy of human action recognition and a faster running speed.
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