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[ Abstract] The Location-Based Social Network (LBSN) uses the user’ s check-in data to recommend the Point of
Interest (POI) ,but for the consideration of data privacy, various social platforms are unwilling to share data directly. In
order to provide a better POI recommendation service by synthesizing the data of various social platforms, a privacy
preserving POI recommendation algorithm based on Locality-Sensitive Hashing( LSH) is proposed. The similar user set is
selected by LSH, which greatly reduces the computation cost and satisfies the user’ s rapid response demand. LSH and
Paillier homomorphic encryption techniques are used to protect data privacy from disclosure. Experimental results on real
data sets show that the proposed algorithm is superior to the traditional collaborative filtering recommendation algorithm
based on users in response time and prediction accuracy.
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