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Multi-strategy Adaptive Large-scale Ontology Mapping Algorithm

JIANG Meng, YU Minggang , WANG Zhixue
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[ Abstract] Large-scale ontology mapping in the context of large data has high time complexity, low efficiency and
accuracy. Therefore, a multi-strategy adaptive large-scale ontology mapping algorithm based on modularity and local
confidence is proposed. Clustering and modularizing the inner part of the system, discovering the correlated sub-ontologies
with high similarity between modules based on information retrieval strategy,calculating the local confidence under each
mapping strategy among the correlated sub-ontologies, and adjusting the weight of the corresponding strategy adaptively
based on the local confidence when combining the mapping results. On this basis, heuristic greedy strategy is used to
extract mapping results and correct them based on mapping rules. Experimental results show that compared with Falcon
and ASMOV methods, the proposed algorithm has higher recall, precision and F-measure value.
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