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[ Abstract] The existing bitewing radiography image segmentation method based on U-Net divides the X-ray image of
the bitewing radiography into caries,enamel,dentin, pulp,crown, prosthesis and root canal ,but the segmentation accuracy
is low. So, this paper proposes an improved method to segmentation bitewing radiograpy images. The conditional
Generative Adversarial Network ( cGAN ) combined with U-Net to segmentation the bitewing radiograpy images. It
optimizes the discriminator and the generator to obtain a segmentation feature map with more context information.
Experimental results show that the Dice coefficient of the improved method is improved by 0. 133 compared to the U-Net
method, and the segmentation accuracy is higher.
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