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Multi-graph Rank
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[ Abstract] In order to integrate the heterogeneous information such as user-item scoring, social network and social
labeling into the nearest neighbor search process of collaborative filtering recommendation method , and to make up for the
lack of information on the single dimension of cold-start users a cold-start recommendation method for multi-graph rank is
proposed. A relational network is built by analyzing the trustworthiness that may exist between users,and the multi-graph
sorting model is used to obtain the nearest neighbor set of the target user, thereby generating a recommendation list of the
target user. Experimental results show that compared with the user-based collaborative filtering recommendation method,
this method can effectively improve the personalized recommendation accuracy and recommended coverage rate of cold-
start users.
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