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Polyphonic Music Generation Method Based on charRNN

WANG Siyuan,ZHOU lJianguo
(School of Electronic Information, Wuhan University , Wuhan 430072, China)

[ Abstract] In the music generation process,the charRNN method can only train monophonic music, and is not suitable
for polyphonic music of multiple instrumental ensembles. In order to make charRNN suitable for polyphonic music, a
method of converting MIDI music into a music description language based on certain grammatical rules is proposed. The
text training is completed by using charRNN, thus obtaining a music generation model. The statistical properties of the
music are obtained based on the theory of twelve-tone temperament method to compare the differences between the
different pieces of music. Experimental results show that the music generated by this method is similar to the real music in
structure and hearing,and can be used for automatic generation of multi-track polyphonic music.
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