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[ Abstract] The RRT " algorithm ensures its probabilistic completeness and asymptotic optimality in the path planning
process, but there are still some problems such as slow convergence and large and dense sampling space. To solve these
problems, this paper proposes a new offline path planning algorithm based on RRT". The proposed algorithm quickly
aims at the target area before starting sampling,and generates a bounded connected region that includes the starting point
and the target point. The artificial potential field method is used to optimize the sampling process by reducing
computational load. The target deviation sampling is executed in the bounded area under the action of the resultant force
in the potential field,and generate a better path in a short period of time by flexible adjustment of the sampling area.
Experimental results show that at the same cost of path planning,the number of required iterations and execution time of
the proposed algorithm is much less than those of the RRT" algorithm, which means the proposed algorithm is more
efficient.
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