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[ Abstract] The existing Collaborative Filtering (CF) recommendation algorithms are not taken into account the latent
information of users’ aversion to items in the users’ browsing history and the difference between old users’ interests and
new users’ interests in items of different popularity. To solve the problem, this paper proposes a collaborative filtering
algorithm based on similarity extension and interest degree scaling. It extracts the latent information of users’ aversion to
items from the users’ browsing history to calculate the items’ similarity of user’ aversion,and combines it with items’
similarity of users’ favorite to get the integrated similarity of items. On the basis of that,the algorithm scales the users’
interest degree to the items by preference factor which can reflect the difference between new users’ interests and old
users’ interests in both popular items and unpopular items. Experimental results show that this algorithm improves the
recommendation precision,recall rate and coverage, without obviously increasing in time-space complexity.
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