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Morphological Characteristics and Causal Ridge Regression
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[ Abstract] Based on the typical M form of the block volatility ,this paper puts forward a ridge regression stock market
trend prediction algorithm based on causality. Stock form reflects the stock fluctuations of energy change. According to
the characteristics of the fluctuations in the form of M introducing energy ideas,based on edge,peaks and troughs in the
form of M nodes, it builds a Bayesian network structure model in the form of M. By using Markov blanket algorithm and
asymmetric information entropy, it gets a local causal structure in the form of M. The introduction of the strength of
causal metrics is introduced to the M shape causality in ridge regression model for its stock market trend prediction of the
model through stock form and causation of energy fluctuations,which can effectively find the abrupt change point of the
stock market. Results on real data sets show that,compared with ridge regression algorithm and radial basis neural network
algorithm , the proposed algorithm has better prediction effect.
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