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Sequence Similarity Measurement Method Based on Symbol Entropy
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[ Abstract] Existing sequence similarity measurement algorithms only consider the local similarity of subsequences,
ignoring global structure information. Thus,a similarity measurement method based on the entropy of single symbol for
sequences is proposed. The entropy of a symbol is computed according to the positions and numbers of all the same
symbols in a sequence. Through verifying the validity of the new sequence similarity measurement method by
agglomerative hierarchical clustering ,experimental results on a plurality of datasets show that,compared with the existing
methods based on local similarity of substring, the new similarity measurement method can improve the clustering
accuracy significantly.
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