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Research on Iris Liveness Detection Algorithm Based on
Convolutional Neural Network

LI Zhiming
(Center for Information Technology,Hexi University ,Zhangye , Gansu 734000, China)

[ Abstract] In view of iris liveness detection of feature extraction, this paper proposes an iris liveness detection algorithm
based on deep Convolutional Neural Network ( CNN ). Three modes of iris regions including normalization, block
normalization and cutting directly are used to preprocess iris image, and they are suggested as the input of CNN for
extracting features,then genuine and fake irises are identified with trained classifier. Experimental results show that this
algorithm can learn the hidden characteristics of iris image automatically, make it more discriminative between genuine
and fake iris feature,and it achieves above 96.72% accuracy on ND-Contact and CASIA-Iris-Fake database.
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