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[ Abstract] Aiming at the problem that traditional tag-based recommendation algorithm only considering the user’ s
rating information leads to the low accuracy of recommendation, this paper puts forward an improved collaborative
filtering recommendation algorithm. It builds the Latent Dirichlet Allocation (LDA) model for user-tag matrixes and
resource-tag matrixes and explores the latent semantic topics in the recommendation system. The probability of users
choosing resources from the semantic level is computed. Then the probability is combined with resource similarity
calculated through collaborative filtering algorithm to predict user preference values to realize personalized
recommendation. Experimental results on the Movielens dataset show that the proposed algorithm can eliminate the
semantic ambiguities such as synonyms and polysemes,and improve the accuracy of recommendation,compared with the
traditional tag-based recommendation algorithm.
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