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[ Abstract] Target label confusion and loss are usually caused by occlusion and detection missing in multiple object
tracking process, which leads to failing tracking. Aiming at this problem,an improved tracking method based on Gaussian
Mixture Probability Hypothesis Density (GM-PHD) filter is proposed. The binary image mapping and testing sets are got
by Background Subtraction Detection( BSD) ,and the object appearance is detected by detector based on the appearance.
The two testing sets got by background subtraction and appearance detector are fused. The improved GM-PHD filter is
used to keep the object tracking trajectory so as to deal with some uncertainty in object tracking. Experimental results
show that the tracking precision of the proposed method is superior to that of GM-PHD method, color appearance method
and SMC-PHD method.

[ Key words] multiple object tracking; Background Subtraction Detection ( BSD ) ; filtering ; confidence probability;
Multiple Object Tracking Precision( MOTP)
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