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[ Abstract] In order to preserve edge and remove noise during the image denosing, a model combining the patch
similarity based Anisotropic Diffusion( AD) and the shock filter is proposed for image denoising and enhancement. The
proposed model makes use of the patch similarity based AD model to remove noise and introduces the shock filter to
enhance the important structure features of the image. The function with respect to the modulus of the image gradient is
constructed to adaptively adjust the enhancement coefficients in the homogenous region, detail and edge region of the
image. This function suppresses the noise amplification and the overshoot phenomenon when the proposed model enhances
the details of the image. Experimental results show that the proposed model, which is superior to the traditional AD
model , patch similarity based AD model and shock filter combined AD model in the aspects of visual effects and objective
evaluation indexes,can not only effectively remove noise, but also better preserve the detail and edge features of the
image.
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