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[ Abstract] According to the passenger movement pattern and the hot pick-up and drop-off areas extracted from taxi
driving passenger data,this paper proposes a functions discovery method of taxi hot areas. Firstly,it uses taxi driving data
clustering algorithm based on the temporal and spatial characteristics of traffic data to realize hot region division. Then,
the passengers travel character discovery model of passengers in hot region based on Latent Dirichlet Allocation( LDA) is
built to realize clustering hot taxi region with similar passenger travel mode. Finally ,by summarizing the specific function
of each area,it can find the relationship between area function and passenger movement patterns at different period of
passenger flow. The experimental results show the method can effectively discovery the function characteristics of hot
areas.
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