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Multi-target Tracking Method Based on Sparse Theory and Sub-problem Coupling

YE Run,DENG Yu
(School of Electronic Information and Electrical Engineering , Shanghai Jiaotong University , Shanghai 200240 , China)

[ Abstract] Aiming at the inherent shortcomings that many existing target tracking methods lack of stability in non
controlled environment and the detecting-tracking module are separate,a multi-target tracking method based on sparseness
detector and network data association technique is proposed. The moving space of the target is discretized,and the target
is projected onto the image plane for each possible 3D position. The dictionary is built after formation of code. The model
is extended to multiple classes. The optimal solution is achieved by assigning coupling equation to the sub problems and
coordinating local solutions. The minimum cost flow problem of data association is solved by network simplex algorithm.
BU-Marathon , PETS2009 and other public data sets are used in the experiments. Experimental results show that,compared
with the multiple target tracking algorithms with occlusion handling, the proposed method has higher tracking accuracy
and less false detection rate and missing detection rate.
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