2017 4 8 H
August 2017

F43%5 HEH
Vol. 43 No. 8

it E Nl T #|

Computer Engineering

- BB G LE - T EH S 1000-3428 (2017 ) 08-0249-04 TEEERG: A hE4 %S, TP391

ETHMERANMIIR S B & X
B, 4R
(B o055 1550 T2 B K 2 410082)

W OF ARG SRR I Sk TE T B Sl AR IO R G A ) L B ) — el R T A o B i R ) R R Bk
PO B RFEAR (19 22 ) Haar A Hog $5AIE , LIS 5 3 T B 11 S U1 25 HE 2 911 2 i e AL L B AR B 19 4K 25 4 T B 70
SRAEAY K DA A iy AHE R £ T I i o 0 B Dy SO R B AR R T S i % L S R R i B
Fr e, e A H AR R OTSU F 3k 5 BT IR A RS 5 70 30 o 92 B0 45 R R W, 15 2 T I 738 0 A1 3% ) 4 0 A5 Y ) .
Oy BV AR L, 125301 B A S /Dm0 ek ) 40 5 ARG 1 23 B B R R

KB : ML S AR T 5 2 R 5 o o) 5 AR i B

R S5I AR A 18T A ST AR R T R B RIS [T ] SR L LR 2017 ,43(8) :249-252,257.
5| A& 3 : Zhou Kai, Su Juan. Iris Segmentation Algorithm Based on Probabilistic Boosting Tree [ J]. Computer
Engineering ,2017 ,43(8) :249-252 ,257.

Iris Segmentation Algorithm Based on Probabilistic Boosting Tree

ZHOU Kai,SU Juan
(College of Electrical and Information Engineering, Hunan University ,Changsha 410082, China)

[ Abstract] Aiming at the problem that the traditional edge detection algorithm cannot automatically extract iris contour
from the edge points,a edge detection algorithm based on supervised learning for iris segmentation is proposed in this
paper. A set of features including Haar and Hog in multi-scale is used to characterize the edge points. The probabilistic
boosting tree is used as a training framework to train the pupil,iris and eyelid as a probabilistic boosting tree model. The
test samples are input to calculate the probability of the truth iris contour. The output true iris contour edges are fitted ,and
the local OTSU algorithm is used to segment the iris accurately. Experimental results show that, compared with iris
segmentation algorithm based on Hough transform and active contour model, this algorithm has less test time and lower
error rate.
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