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[ Abstract] In the big data environment, the computer core technology of public security organs is insufficient, many
alternative suspects and the forecast method is relatively backward problem,aiming at these problems, this paper proposes
the model of using the Support Vector Machine( SVM) to predict the suspect. According to the historical crime record,
the model carries on the feature selection firstly, based on SVM training the suspect characteristic prediction model.
Through this model, it can predict the various characteristics of the suspect, and calculate the similarity between the
characteristics of prediction and the staff characteristics of the suspect database, then can predict the most possible
suspects. Experimental results show that compare to the previous models which using classification and regression
algorithm , this model has a good explanation for the prediction results; Besides, it can narrow the scope of the
investigation.
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