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[ Abstract] Aiming at the problem of low accuracy for the gait recognition in video surveillance, the bilateral Fourier
calibration point estimation category Haar feature template matching based multiple lens gait recognition algorithm is
proposed. According to the characteristics of video monitoring, the point estimation algorithm is used for image
reconstruction and a markerless Haar feature template matching based feature extraction algorithm is designed to realize
the automatic recognition and extraction of gait feature. According to the angles difference of feature extraction in motion,
the bilateral Fourier is used for observation angle correction,and the adaptive sequential forward selection is designed for
high dimensional feature extraction. Simulation results in the Southampton test database show that the correct
classification rate of the proposed algorithm can reach about 96.3% ,and through the observation angle correction, the gait
motion angle can reach basically the same in different gait cycles.
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