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An Efficient Text Interval Hot Word Query Algorithm

ZHAQO Zhizhou,LU Chang,HE Zhenying, WANG Xiaoyang
(School of Computer Science,Fudan University , Shanghai 200433, China)

[ Abstract] Text interval hot word query is based on user-specified query time range,it extracts from the text data hot
words. Existing hot words extraction algorithm is generally oriented to mining tasks, which has a high time complexity
and is difficult to be directly applied to an online query processing of hot words. Therefore,an online query processing
algorithm for text interval hot words is proposed. Using data partitioning and range search technology,the time complexity
of extracting hot words is reduced with the same accuracy and space complexity. Experimental results show that compared
with the existing mining-oriented algorithms, the running time of the algorithm is reduced by 59.7% ,65.1% and 75.5%
respectively over the entire time range covered by the three CNN,BBC and NYT datasets, which effectively improves the
hot words online query efficiency.
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