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[ Abstract] A unsupervised approach to normalize the irregular Uygur words in the spoken text to normal words in the
formal text. Based on neural network, Uygur words are mapped to a low dimensional vector space by using a large
corpus. The irregular words in vector space are clustered. A greedy decoder is introduced to normalize the unformal words
and to resample iterations,so as to normalize the unformal words which have not been successfully normalized before.
Experiment results show that using this approach to pre-edit the text to be translated by Uyghur-Chinese machine
translation , the quality of the generated translation is significantly improved. This method provides a pretreatment process
to spoken text and machine translation system, which can effectively improve the system performance of machine
translation in the absence of bilingual parallel corpus of spoken.
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Line 15: Initialize search took 0.000 seconds total
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Line 15: Collecting options took 0.004 seconds at moses/Manager.cpp Line 141
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