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[ Abstract] Conventional search engines collect documents which only contain key words in the query, but not
considering the true intent hidden inside its users. Aiming at this problem,taking the document retrieval as a personalized
recommendation problem, this paper proposes a personalized retrieval algorithm based on query intent identification and
topic model. First, the topic model of Dirichlet Distribution Allocation( LDA) is applied for modeling the historical search
data of its user. When a new query comes, latent topic of the query is recognized by the topic model of the historical
search of its user,and then appropriate documents are recommended for the correlation of topics. Finally, the KL distance
between the query and document sets is calculated, and the documents returning to the user are sorted according to the
distance. Experimental results show that the proposed algorithm is better than the method based on collaborative similarity
calculation and the method based on user interest clustering on efficiency.
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