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[ Abstract] Aiming at the problem that the similarity between neighborhood blocks in non-local means is not accurate ,a
local Hu moment denoising algorithm based on Krawtchouk polynomial weighting function is proposed. By combining the
weighting function of Krawtchouk polynomial and image function, a geometric moment new weighting function is
constructed. The new center moment is obtained by using the constructed geometrical moment weighting function. A set
of featurevectors are constructed by using two moment invariants with second order and third order center moments. The
Euclidean distance is used to measure the similarity of the feature vectors in the neighborhood and the new weighting is
obtained by combining the weighting with the neighborhood blocks. Experimental results under different intensities of
noise,show that compared with the original non-local mean noise denoising algorithm ,the peak signal to noise ratio and
structural similarity are significantly improved.
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