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An Adaptive Corner Detection Method of Local Optimal Threshold Prediction

WU Teng,ZHANG Zhili,ZHAO Junyang ,ZHANG Haifeng
(The 2nd Department,Rocket University of Engineering,Xi’ an 710025, China)

[ Abstract] In order to solve the problem of large computational load of the corner detection threshold selection method,
a new adaptive corner detection method is proposed. Nine basic statistical characteristics that can reflect the gray
distribution, contrast and correlation of the images are analyzed. The basic statistical characteristics of 4 848 samples are
extracted, and the principal components analysis is used to calculate 4 comprehensive indexes reflecting the different
attributes of the images. The multivariate nonlinear local optimal threshold prediction model is established,and the model
parameters are optimized and estimated by the training data. The prediction model of the guidance corner detection
adaptive threshold selection is obtained. Experimental results show that the introduction of prediction model can improve
the quality of detection of significant corners of the image, detection rate of significant corners in complex images is
improved by 45% on average compared with the original detection algorithm, and the average false detection rate is
reduced by 81% on average.
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