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[ Abstract] Aiming at the complexity and high frequency of fraud risk existing in the current financial payment industry
transactions,a new method called the Density Distribution Evolution-based Stream ( DDE-Stream) clustering algorithm is
proposed. The CLIQUE algorithm is used to cluster the trading features of the account, and an account trading behavior
archive model is constructed by combining with hidden Markov algorithm. According to the model, real-time fraud
detection can be performed. In the stage of model self-renewal , DDE-Stream algorithm is used to perform effective real-
time clustering of multi-dimensional trading features. Experimental results show that the algorithm can detect the risk of
transaction fraud in real time, and the accuracy rate obtained on the verification set exceeds 50% , compared with the
traditional random forest classification algorithm.
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