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Neural Network Language Model
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(School of Computer Science,Nanjing University of Posts and Telecommunications, Nanjing 210046 , China)

[ Abstract] For the prediction of time series data, most of traditional methods predict one or more specific values by
analyzing the historical data,but the specific numerical accuracy of the prediction is low. Therefore, this paper proposes a
new prediction method of time series short-term trends. It discretizes time series data, uses characters to represent the
range of data for each time period,and uses the Neural Network Language Model (NNLM) to predict the next character,
which is the range of the next segment of data. Experimental results show that in the circumstances where the prediction
result is divided into five intervals,the average prediction accuracy of the algorithm is 56.7% , which means it has higher
feasibility compared with support vector machine, cyclic neural network ,random forest and other algorithms. And because
the character representation has semantic information, the prediction results can reflect the trend of the data and the degree
of change.
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