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[ Abstract] In order to construct samples that'‘conform to language norms in fuzzy testing of<language interpreter,and get
abnormal test results as far_as’possible to_find vulnerabilities, the improved Probabilistic ‘Context Free Grammar( PCFG)
model is used to control the variation process of samples,and the undefined variables in the variation results are modified
to increase the ratio of samples that/Conform to language norms. On this basis, the language interpreter is tested by fuzzy
testing. Results show that,the ratio of samples generated by the test that conform to,the grammatical and semantic norms
is as high as 96% .
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