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[ Abstract] To address the high“complexity of the location algorithm based on thestopology of the whole network , which
is led by a coverage overlap betwéen malicious information sources,a subgraph“division-algorithm based on community
structure is proposed.\The algorithm/decomposes the location problem of multi=source malicious information into multiple
single-source location problems. On this basis, the multi-source location algorithm for Online Social Network ( OSN)
based on the Jordan center is used for the single-source malicious information/ocation in multiple subgraphs. Simulation
results on the random number network and UClonline network shew that the algorithm can effectively identify malicious
information sources,and its location accuracy is 11% ~30% higher than)that of algorithm based on Distance Center (DC),
Tightness Center( TC) and Betweenness Center( BC).
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